55 42 B 1 ) HREXFFHR(B AR FE) Vol42 No.l
2011 4F 1 H Journal of Central South University (Science and Technology) Jan. 2011

RERBNEESENWALHEWEHEDT

gus

ExXE" BT, REL kAME ANE’

(1. BFRE FHREMNETRMCERELELERE, L&, 200092;
2. BFKRFE #ARIAIR(ER)A RS, Lif, 200092;
3. RAG B RKANE), ITH AA, 214031)

T @ REMRMEESE MC-LR A TSR, P RE8B8ink. MC-LR #IAFEIKRE. pH
ST BRI R I R, I LA IR A 4B SR AN 28 I 2 A TRt 22 BRI 3 4 1 IR RO SR B AT O L T00 o BT 7 45 R R
B PRARIEZEAZYIUA MC-LR Ui 8 152m; S B0 & 3 I AEA 2038 = MC-LR FIFEf#E A, pH BFIKAE
K JE S B A R, JCILAE MRS T, pH (7R Ab 5% B I R N RS M R B B K A LA TR S R N B A R A
FEIN ARG ) Y B TS BRI 25 B, 70 I B AR A R N B s I RE TN B2 2% 22 DR 3G 2 1R R I LAY
il gy, ka6 A Sebr i MC-LR R 4EEIS T8 S, oM T 1755 3R 2O 2L f1) Jeg PR ZE

EHEIA: PEEEEEE R MC-LR; A AN TMEME; B 3% ik

PESES: TU9 XEFRERD: A XERS: 1672-7207(2011)01-0260-06

Artificial neural network model of microcystin-LR
degradation by ozonation
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Abstract: An artificial neural network (ANN) model of microcystin-LR (MC-LR) degradation by ozonation was studied.
The affect on degradation of ozone dose, MC-LR initial mass concentration and pH was investigated. And the removal
effect with various factors was simulated and predicted by the model. The results show that the degradation rate is
invariable with different MC-LR initial mass concentrations. The addition of ozone dose can increase the MC-LR
degradation rate effectively, the decline of pH can improve the degradation effect obviously, especially in acidity
condition. A big removal efficiency can be gotten in a short time with acidity condition and large ozone dose. The ANN
model can be used to predict the degradation effect of MC-LR with complex various factors, provide theoretical
foundation for MC-LR degradation and overcome the limitation of common model.
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Fig.1 Schematic diagram of experiment system
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Fig.2 Model structure of BP neural network
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Table 1 Parameters of Inspection samples

PR p(BEFR)  WE)/ In[p(EE#E )/

(mgLl")  (ugL)  min  pHHER
451 5200 4873 15 —1.545099 714
619 5200 487.3 15 —0.900 690 189
883  5.200 4873 15 —0.585 876 230
700 3.200 4873 20 —0.365 364 665
700 5.200 4873 15 —0.449 794 880
7.00  7.488 4873 30 —2.776 689 570
7.00  5.200 257.2 45 —1.413 561995
700 5.200 882.5 15 —0.585 265 944
700 5.200 1138.4 15 —0.291222 949
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Fig.3 Degradation effect of MC-LR with different MC-LR

initial mass concentrations and time
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