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Abstract. Artificial neural network ( ANN) approach, using varied — pace back — propagation ( BP) alzorithm, was adopted to simu-
late the time series of pentachlorophenol ( PCP) concentration during the biodegradaiion process by white rot fungi. The model was then
used in the study on the changing rule of PCP rsicentration and the deveicping trend. The results showed high accuracy both for the

present data and for the predicting Jata, whieh showed that the established ANN model had reflected the inherent rule of the biodegra-

dation process of PCP wastewater. The swudy proved that ANN is a novel approach for the simulation of PCP biodegradation.
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Table 1 Observed data from PCP biodegradation by white rot fungi.

W f B[R]

(h) 0 12 24 36 48 60 72 84 96 108 120 132

PCP I 25 13.712.06.4 6.1 3.6 3.3 1.9 2.1 2.1 1.2 0.7
(mg/L)
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Table 2 Formation of training sample set and predicting sample set.

HAS HIAL WA 2 A3 H s
1 25 13.7 12.0 6.4
2 13.7 12.0 6.4 6. 1
3 12.0 6.4 6.1 3.6
4 6.4 6.1 3.6 3.3
5 6.1 3.6 3.3 1.9
6 3.6 3.3 1.9 2.1
7 3.3 1.9 2.1 2.1
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Table 3 Connective weights between input layer nodes

and hidden layer nodes.

REWA WAl BWA2 WA3 e
1 1.849535  -5.267895  4.230126  1.608646
2 4.654728 -10.670260  4.690967 —1.470824
3 3.071088 1.678975  1.964435  0.227072
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Table 4 Connective weights between hidden layer nodes

and output layer nodes.

BEW R 1 2 .3 1 B

EEME 6.885488  -6.890235 3.228393 -0. 267019
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Table 5 Comparison between model predicied value and observed value.

BAY  HAEHHME(ng/L) KRMAE(mg/L) HMRER)

1 6. 40 6.40 0

6. 10 6.10 0

3 3. 60 3.60 0

4 3.30 3.30 0

S 1.91 1.90 0.5

6 2.12 2.10 1.0

7 2.11 2.10 0.5
8(H) 1.21 1.20 0.8
9 Fi ) 0.76 0.70 8.6
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